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Discrimination in the general population∗

Silvia Angerer, Hanna Brosch, Daniela Glätzle-Rützler, Philipp Lergetporer,
and Thomas Rittmannsberger†

We present representative evidence of discrimination against migrants through an incen-
tivized choice experiment with over 2,000 participants. Decision makers allocate a fixed en-
dowment between two receivers. To measure discrimination, we randomly vary receivers’
migration background and other attributes, including education, gender, and age. We find that
discrimination against migrants by the general population is both widespread and substan-
tial. Our causal moderation analysis shows that migrants with higher education and female
migrants experience significantly less discrimination. Discrimination is more pronounced
among decision makers who are male, non-migrants, have right-wing political preferences,
and live in regions with lower migrant shares.
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1. Introduction

Discriminatory behavior has been at the forefront of economic research for decades, at least since
(Becker, 1971). Discrimination is not only a prime societal concern for its direct economic impacts
on victims of discrimination, but also for its broader detrimental effects on social cohesion, trust, and
public-good production (Bertrand & Duflo, 2017; Habyarimana et al., 2007; Kudashvili & Lergetporer,
2022). Existing field evidence on discrimination against minorities is extensive, focusing mainly on spe-
cific contexts such as hiring, renting, education, medical services, or the judicial system (e.g., Ahmed
& Hammarstedt, 2008; Angerer et al., 2019; Arnold et al., 2022; Bertrand & Mullainathan, 2004; Lavy
et al., 2022). Naturally, this literature has focused on discriminatory behavior of specific members of
society, like employers, landlords, teachers, or doctors, whose economic outcomes are directly affected
by their decisions (e.g., whom they choose to hire or rent an apartment to).1 In contrast, the prevalence
of discrimination against migrants and other minorities in the broader general population, and how it
varies across key population subgroups, is largely unexplored. This is the research gap that we address
in this paper.

Understanding discrimination against migrants and other minorities in the general population is impor-
tant for several reasons. Examining the prevalence of general discriminatory attitudes of the population,
rather than focusing solely on situational discrimination (e.g., during job searches), sheds light on the
potential for minorities to face routine, everyday discrimination or "micro-aggressions." These incidents,
though individually minor, can accumulate to have profound, negative impacts on minorities’ health,
well-being, and other important outcomes (Giulietti et al., 2017; Small & Pager, 2020). The population
perspective is essential for grasping the full scope of the adverse impacts of discrimination on migrants
and other minorities in society. Furthermore, from a policy perspective, discerning general discrim-
inatory tendencies is key for designing effective anti-discrimination interventions and laws aimed at
curtailing such behaviors (e.g., the U.S. Civil Rights Act, United States Congress (1964); or the German
General Act on Equal Treatment; Bundesministerium der Justiz (2006)). Similarly, in the realm of political
economy, understanding the broader population’s discriminatory inclination is crucial for determining
voter support for anti-discrimination policies, a significant factor for their political feasibility.

In particular, we study discrimination through an incentivized choice experiment conducted with a rep-
resentative sample of the German adult population (N> 2,000 participants). We measure discrimination
using the simple other-other allocation task (e.g., Chen & Li, 2009), where decision makers divide a
fixed endowment of four Euros between two receivers without being able to keep anything for them-
selves. This task measures pure discriminatory inclinations, devoid of any strategic or selfish motives.
As pre-registered, our main research interest is whether receivers with a migration background are sys-
tematically discriminated against. Therefore, we randomly vary receivers’ migration background, along

1 Complementing field studies, a considerable literature investigates discrimination through laboratory experiments involving
economic games, predominantly relying on convenience samples such as university students (see Lane (2016) for a meta-
analysis).
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with other attributes (i.e., educational background, gender, and age).2 The independent randomization
of receiver attributes – which was inspired by the methodology of discrete-choice (or “conjoint”) exper-
iments (e.g., Hainmueller et al., 2014, 2015; Maestas et al., 2023) – facilitates estimating the causal effect
of each attribute on allocation choices, while keeping the respective other attributes constant. Each
participant completed three other-other allocation tasks.

We find substantial and significant discrimination against migrants in the general population: On av-
erage, receivers with a Turkish migration background are 3.9 percentage points less likely than non-
migrants to receive more than half of the endowment, and they receive 3.6 percentage points less of
the endowment. This magnitude of discrimination is comparable to recent large-scale correspondence
studies investigating discrimination against blacks in the U.S. labor market and in other specific contexts
(Bergman & McFarlin, 2018; Giulietti et al., 2017; Kline et al., 2022). The overall discrimination arises
from the diverse choices of two distinct decision-maker types: A majority of 54.3% exhibits no dis-
crimination at all, always choosing the equal allocation. Conversely, their counterparts display strong
discrimination against migrants, which drives the significant average discrimination observed in the
overall sample.

Next, we study how other receiver attributes affect discrimination against migrants. The random assign-
ment of all receiver attributes allows for a causal interpretation of this moderation analysis. Irrespective
of the values of other receiver attributes, receivers with a migration background consistently receive
a smaller share of the endowment compared to non-migrants, demonstrating that discrimination is a
widespread issue affecting migrants across diverse attributes. Additionally, we find that education and
gender moderate discrimination: The negative effect of a migration background on the endowment
received is significantly lower for better-educated receivers and females.

Finally, leveraging the representative nature of our data, we study whether discriminatory behavior
against migrants varies across key population subgroups. We observe that discrimination is more pro-
nounced among male decision makers than females. Political preferences also emerge as a significant
predictor, with discrimination being particularly strong among supporters of the right-wing (extrem-
ist) party "Alternative fuer Deutschland" (AfD). AfD supporters are also much more likely than non-
supporters to state that migration background was the most important receiver attribute influencing
their allocation decision after the experiment. This finding suggests that their high level of discrimi-
nation is a conscious choice. Notably, discrimination against migrants is fully driven by non-migrant
decisionmakers, whereas thosewith amigration background do not discriminate. Additionally, decision
makers living in regions with an above-median share of migrants show less discrimination.

To our knowledge, this study presents the first incentivized experiment to measure discrimination
against migrants in a representative sample of the general population. In doing so, we contribute to
the literature in several dimensions. A rich array of field studies has scrutinized discrimination against
migrants and other minorities in various market and non-market settings (for excellent reviews, see

2 We focus on discrimination against receivers with a Turkish migration background, given that Turkish migrants constitute
the largest migrant group in Germany and face worse life outcomes compared to non-migrants. See Appendix D for detailed
information on Turkish migrants in Germany.
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Anderson et al., 2006; Bertrand & Duflo, 2017; List & Rasul, 2011). These studies offer crucial insights
into the discriminatory behavior of specific decision makers, who serve as gatekeepers in certain con-
texts (e.g., employers during hiring processes). We add to the existing field evidence on discrimination
by extending our focus towards discriminatory behavior of the general population.3 Inspired by the
laboratory-experimental literature typically involving university students, we evaluate discrimination
through decisions made in a generic, incentivized, and context-independent allocation task (see, e.g.,
Chen & Li (2009) and Fershtman & Gneezy (2001) for seminal laboratory experiments on discrimination,
and Lane (2016) for a recent meta-analysis).4 These decisions capture pure discriminatory inclinations
since they are by design unaffected by decision-makers’ strategic or selfish motives.

We also contribute to the nascent literature in experimental economics using laboratory-experimental
methods on members of the general population. Probably propelled by the COVID-19-induced closure
of economics laboratories worldwide, experimental economists have been increasingly implementing
incentivized choice experiments in large and diverse online samples, with the general conclusion that
the data quality from such experiments is adequate (e.g., Arechar et al., 2018; Buso et al., 2021). While
such experiments have measured a broad range of economic traits, including distributional preferences
(Kerschbamer &Müller, 2020), time preferences (e.g., Brañas-Garza et al., 2023), or public-good provision
(e.g., Gächter et al., 2022), our paper is, to the best of our knowledge, the first to use a representative,
incentivized online experiment to measure discrimination against migrants in the general population.

The rest of the paper is structured as follows. Section 2 presents our data and experimental design.
Section 3 presents our results. Section 4 concludes.

2. Data and research design

In this section, we first describe the data-collection procedure and our sample. Then, we discuss our
experimental design. Finally, we present the empirical model and balancing tests.

2.1. Data collection and sample

We implemented our randomized experiment in an online survey which was conducted between August
and September 2023 with adults aged 18 to 69 years in Germany. The experiment was pre-registered in
the AEA RCT Registry (AEARCTR-0011830). IRB approval was obtained by the University of Innsbruck
(Project 58/2023). Our sample comprises a total of 2,180 participants. Sampling was executed by the

3 It is worth noting that a few recent field experiments leverage large samples to study discrimination on a nationwide scale. Still,
these studies focus on discriminatory behavior of specific population subgroups, like child care managers (Hermes et al., 2023),
principals of charter schools (Bergman & McFarlin, 2018), local public service providers (Giulietti et al., 2017), or employers
(Kline et al., 2022).

4 In that sense, we also add to this laboratory literature by applying laboratory measures of discrimination to the general
population. We consider this broader perspective important given that growing evidence shows that student samples do not
adequately represent the general population in terms of behavior in experimental games (e.g., Cappelen et al., 2015; Carpenter
& Connolly, 2008), or other economically relevant traits, such as attitudes towards migrants (e.g., Lergetporer et al., 2021).
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polling company CINT to match official population statistics regarding age, gender, educational back-
ground, and federal state. Column 1 of Appendix Table A1 presents participants’ sociodemographic
characteristics. Comparing participant characteristics to the German Microcensus (2015) reveals that
our sample matches official population statistics very well (see Appendix Table A2).5

Participants completed the experiment online on their own digital devices, without any assistance from
a surveyor. The median response time spent on the entire survey was 14 minutes. Besides the exper-
iment on discrimination, we elicited participants’ sociodemographic characteristics and political and
economic preferences. The survey also included a second experiment on cooperation (Angerer et al.,
2023). Participants played a prisoner’s dilemma game with another survey participant (distinct from
the receivers in the discrimination experiment), where the inclusion of third-party punishment was
randomly determined. Importantly, the independently randomized treatment in the cooperation exper-
iment does not affect any results of the discrimination experiment (see columns 3 and 6 of Appendix
Table A3 and Appendix Table A4).6

2.2. Experimental design

Each participant (henceforth "decision maker") completed three other-other allocation tasks (e.g., Almås
et al., 2020; Bindra et al., 2020; Chen & Li, 2009). The full experimental instructions are presented in
Appendix B. In each task, the decision maker had to divide four Euros between two other randomly
chosen participants (henceforth "receivers"). The decision maker could not keep anything for herself,
which mutes potential strategic or selfish motives.

When making an allocation choice, decision makers were shown the profiles of both receivers, which
includes the following attributes: Migration background (born in Germany/Turkey), educational back-
ground (high/low; i.e., with orwithoutAbitur (the university entrance qualification)), gender (male/female),
and age group (18-37/38-54/55-69). Following the methodology of discrete-choice (or “conjoint”) exper-
iments (e.g., Hainmueller et al., 2015; Maestas et al., 2023), we randomized the values of each attribute
independently for every receiver profile. This method enables us to estimate "average marginal compo-
nent effects", the causal effect of each receiver attribute on decision-makers’ allocation choices, while
keeping the respective other receiver attributes constant.

As pre-registered, our main interest is on the causal effect of Turkish migration background on allo-
cation choices. Turkish migrants are the largest and most geographically dispersed migrant group in
Germany (see Appendix D for details). They experience poorer life outcomes compared to non-migrants
and have been shown to face discrimination in various contexts, such as when submitting email appli-
cations to online job postings (e.g., Bartoš et al., 2016; Kaas & Manger, 2012). We included the additional

5 Relatedly, Grewenig et al. (2023) show that online surveys that are drawn to match population characteristics represent the
entire population (onliners and offliners) well.

6 We employed the strategy method to elicit choices in the cooperation experiment, with payments made several days later.
Consequently, participants were unable to deduce the cooperativeness or other economic traits of other participants based on
this experiment.
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randomized attributes besidesmigration background for the following reasons: First, to anchor decision-
makers’ beliefs about receiver attributes that might influence discriminatory behavior (Giulietti et al.,
2017; Hermes et al., 2023). For instance, if decision makers associate Turkish migration background
with lower education, lower allocations to migrants could actually stem from biases against the lower
educated. Including these additional attributes helps avoid incorrectly attributing discrimination to mi-
gration background when it may actually be due to these other factors. Second, to investigate how
discrimination against migrants varies across different migrant characteristics. Thereby, the random
assignment of receiver attributes enables us to estimate the causal impact of these other attributes on
the extent of discrimination against migrants. Third, to reduce the salience of our research objective to
the decision makers and thus minimize experimenter-demand effects.7

We randomly selected one in ten participants to be eligible for payment. For each of them, an actual
allocation decision was implemented using a randomly chosen receiver profile that matched their char-
acteristics. Before making allocation choices, decision makers were informed of this procedure and that
their decisions would never be implemented for themselves as receivers. Our large sample size and
the exhaustive values of each receiver attribute ensured that participants selected for payment could be
matched with a unique experimental allocation choice according to their specific characteristics.8

Following the three allocation tasks, we asked decision makers two survey questions to better under-
stand the motivations behind their allocation choices. In particular, we asked them (i) to specify the
receiver attribute that was most important for their allocation decision, and (ii) to briefly explain what
other factors were important for their decision-making process in an open text field.

Outcomes
We are interested in how decisionmakers allocate their endowment of four Euros between two receivers
with differing profiles. We define two outcome variables to capture different dimensions of discrimina-
tion in these decisions. Our first outcome, "Received more than half", measures the presence of unequal
treatment in allocation decisions, reflecting the extensive margin of discrimination. This variable is
coded one if a receiver is allocated more money than the other, and zero otherwise. The second out-
come, "Received share of endowment", additionally captures the intensity of discrimination by dividing
the amount allocated to a receiver by the total endowment of four Euros. This approach scales the
outcome to reflect the share of the endowment the receiver gets, where 100% represents receiving the
entire endowment, and 0% represents receiving nothing.

2.3. Empirical model and balancing tests

To estimate the average marginal component effect of each receiver attribute on the allocation choice
of the decision maker, we use the following regression model:

7 The presentation order of attributes in the allocation taskwas age group, gender, educational background, and finallymigration
background, aiming to subtly de-emphasize our focus on migration background to decision makers. See Appendix C for a
screenshot of the decision screen.

8 Selecting a random subset of choices for payment is a common practice in conducting incentivized choices experiments in
large samples (Haaland et al., 2023). Clot et al. (2018) show that paying a subset of participants, instead of everyone, does not
alter giving behavior in the dictator game.

6



yijk = α0 + α1Migrationijk + α2Educationijk + α3Genderijk + α4Ageijk + ϵijk (1)

where yijk is the outcome of interest for decision maker i in decision k over alternative profiles j.
Migrationijk, Educationijk, Genderijk, and Ageijk are (sets of) indicators corresponding to the val-
ues of the randomized receiver attributes described above, and ϵijk is the error term. The average effects
of receiver attributes, α1 to α4, are identified because of the random assignment of those attributes for
each receiver profile. Additional covariates are not required to identify these causal effects, but they
may increase the precision of estimates. Therefore, we present regressions with and without covari-
ates. Following Abadie et al. (2023), we cluster standard errors at the level of randomization, i.e., the
level of 6,540 individual decisions k between two profiles each. Results are qualitatively identical when
clustering at the level of the 2,180 decision makers i (see Appendix Table A5 and Table A6).

Furthermore, we examine the interactions between receivers’ migration background and other random-
ized attributes to determine if they moderate discrimination against migrants. Therefore, we extend
equation (1) to incorporate interactions between migration background and other attributes:

yijk = β0 + β1Migrationijk + βoOtherAttributesijko+

β2oMigrationijk × OtherAttributesijko + ϵijk

(2)

whereMigrationijk indicateswhether the receiver has amigration background, andOtherAttributesijko

are (sets of) indicators corresponding to the values of the other attributes (educational background, gen-
der, age group). The coefficient β2o on the interaction termmeasureswhether themigration-background
effect differs by the respective other attribute.

Finally, we also analyze whether the effects of receivers’ migration background vary by the character-
istics of the decision makers. To do so, we estimate our baseline equation (1) across different decision-
maker subgroups, and also estimate the following interacted model:

yijk = β0 + β1Migrationijk + β2Subgroupic + β3Migrationijk × Subgroupic + ϵijk (3)

where Subgroupic equals one if decision maker i is a member of the respective subgroup c, and zero

otherwise. The effect of receivers’ migration background for decision makers who are not members of
the respective subgroup is given by β1, and β3 measures the additional effect for subgroup members.
We pre-registered to investigate heterogeneities by decision-makers’ gender, political preferences, and
migration share of their home region. In addition, we also investigate heterogeneities by the decision-
makers’ own migration background in an exploratory analysis.

Before discussing our results, we present balancing tests. Columns 4-9 of Table A1 show that the ran-
domization of receiver attributes worked as intended. Each cell in the table reports the p-value based

7



on a regression of the respective decision-maker characteristic on an indicator for the respective ran-
domized receiver attribute (i.e., migration background, educational background, gender, age group).
Only 6 out of 150 regressions (4.0%) yield a significant coefficient at the 5 percent level, which would
be expected by pure chance. Additionally, all 24 possible receiver profiles, each representing a unique
combination of receiver attributes, occur with the same frequencies between 3.8% and 4.7%.

3. Results

We present our results in two steps. We start by showing the average discrimination against migrants
in the German population. Then we present heterogeneities by other randomized receiver attributes,
and by characteristics of the decision makers.

3.1. Average discrimination in the general population

Figure 1 shows the average marginal component effects and 95% confidence intervals for each attribute
value based on equation (1), for the outcomes "Received more than half" (depicted as circles), and "Re-
ceived share of endowment" (depicted as squares). Appendix Table A3 presents the underlying regres-
sions. The results show a highly significant negative effect of migration background on both outcomes.
On average, holding all other attributes constant, receivers with migration background are 3.9 percent-
age points less likely to receive more than half of the endowment. Likewise, they obtain a 3.6 percentage
points smaller share of the endowment compared to receivers without a migration background. The
effect sizes we observe align with recent large-scale studies on discrimination. For instance, estimated
black-white response gaps in U.S. correspondence studies, spanning various contexts such as education,
public service, and the labor market, range between 2 and 4 percentage points (Bergman & McFarlin,
2018; Giulietti et al., 2017; Kline et al., 2022). Differing from these field experiments, we measure dis-
crimination in anonymous one-shot decisions without any selfish or strategic motives, which makes
the documented discrimination all the more concerning.

Regarding the other attributes, receivers with lower educational background and females are signifi-
cantly more likely to receive more than half of the endowment compared to their counterparts, and
they also receive a significantly larger share. Turning to differences by age group, the middle-aged
group (38-54 years) tends to receive less than the younger group (18-37 years), and notably less than the
older age group of 55-69 year-olds (see post-estimation Wald tests in Appendix Table A3). Interestingly,
when comparing the effects of the different randomized receiver attributes, migration background, and
gender stand out as having the largest impacts on allocation decisions in absolute terms.

Leveraging the fact that we obtained three allocation decisions from each decision maker, we can show
that the average discrimination against migrants documented so far stems from highly varied choice
patterns of two distinct types of decision makers. A majority of decision makers (54.3%) display no
discrimination at all, opting for the equal allocation of two Euros for both receivers in all three tasks.
Unlike these strict egalitarians, their counterparts show very strong discrimination against migrants:

8



Figure 1: Effects of migration background and other attributes on allocations

Note: Coeffient plot: This plot shows the effect of randomly assigned receiver attributes on i) the probability of receiving
more than half of the endowment and ii) the share of the received endowment. Estimates are based on the OLS regressions
with clustered standard errors on individual decisions (between two receiver profiles) (see Appendix Table A3 for the re-
gression output). Error bars represent 95% confidence intervals. When allocating their endowment between two receivers,
decision makers were shown the profiles of each receiver side by side. The receiver profiles may differ along the follow-
ing attributes: migration background (born in Germany/Turkey), educational background (high/low; i.e., with or without
Abitur [the university entrance qualification], gender (male/female), and age group (18-37/38-54/55-69).

Among those decision makers who deviate from the equal split in at least one decision, receivers with
migration background have a 16.1 percentage points lower probability of receiving more than half, and
they receive on average 12.5 percentage points less of the endowment compared to receivers without a
migration background (see Appendix Table A7).

To provide some descriptive evidence on the factors influencing allocation decisions, we consider decision-
makers’ responses to the post-experimental question about the most important receiver attribute for
their allocation decision (see Appendix B for the question wording). In the overall sample, 13.2% and
12.8% identify age and educational background as pivotal, followed by country of birth (i.e., migration
background) at 7.6% and gender at 5.9% (see column 1 of Appendix Table A8). However, a majority of
60.1% indicate "no specific attribute." This response is primarily selected by strict egalitarians, with 93.6%
of them choosing this option (column 2). In open-text responses explaining what other factors were im-
portant for their decision-making process, terms like "fair" and "equal" were prevalent for these decision
makers (see word clouds in Appendix Figure A1), verifying their strong egalitarian preferences. While
informative, these self-reports should be interpreted cautiously due to potential for bias in self-reporting
(Coffman et al., 2017).

3.2. Heterogeneity analysis

Next, we study heterogeneities in discriminatory behavior against migrants by (i) receivers’ other ran-
domized attributes and (ii) decision-makers’ characteristics. To streamline the presentation, our hetero-
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geneity analysis primarily focuses on the outcome "Received share of endowment", but we also show
that all results hold for the outcome "Received more than half".

3.2.1. Heterogeneities by other receiver attributes

We start our heterogeneity analysis by examining how discrimination against receivers with a migra-
tion background is influenced by other receiver attributes. Given the random assignment of all receiver
attributes, this moderation analysis allows for a causal interpretation to what extent the other receiver
attributes amplify or mitigate discrimination against migrants. Based on Equation 2, Figure 2 presents
the predicted shares of the endowment allocated to receivers with and without a migration background,
across the different values of the other three receiver attributes. Appendix Table A4 depicts the under-
lying regressions and also provides estimates for the other outcome of interest, i.e., whether a receiver
was allocated more than half of the endowment.

Figure 2: Effects of migration background on allocations, by other receiver attributes

Note: Predicted margins with 95% confidence intervals: This figure shows the received share of the endowment of receivers
with and without migration background conditional on other receiver attributes. Estimates are based on the OLS regres-
sions with clustered standard errors on individual decisions (between two receiver profiles) (see Appendix Table A4 for
the regression output.) The dependent variable is the relative share of the endowment (4 Euros) received by the receiver.
When allocating their endowment between two receivers, decision makers were shown the profiles of each receiver side by
side. The receiver profiles may differ along the following attributes: migration background (born in Germany/Turkey), ed-
ucational background (high/low; i.e., with or without Abitur [the university entrance qualification], gender (male/female),
and age group (18-37/38-54/55-69).

The analysis reveals the following key results. First, irrespective of the values of other receiver at-
tributes, receivers with a migration background always receive less of the endowment compared to
receivers without a migration background. This indicates that discrimination against migrants is a per-
vasive issue, affecting migrants across a wide range of diverse attributes.

Second, having a higher educational background significantly decreases discrimination against mi-
grants. Notably, this reduction is not due to migrants with higher education receiving more of the
endowment compared to those with lower education. Rather, it results from non-migrants with lower

10



education receiving a larger share compared to those with higher education. Consequently, the differ-
ence in received endowment between migrants and non-migrants decreases with higher education. The
finding that higher education does not increase the endowment received by migrants aligns with exist-
ing correspondence studies, which demonstrate that higher education does not necessarily enhance out-
comes for migrants. In partiular, several studies show that signals indicating migrants possess a higher
educational or occupational background do not significantly improve relevant outcomes for them, like
call-back rates when applying for a job (Oreopoulos, 2011), for a child-care slot (Hermes et al., 2023), or
when seeking public services (Giulietti et al., 2017).9

Third, while both male and female migrants face discrimination, it is more pronounced against males.
The lesser discrimination against femalemigrants echoes previous findings that ethnicity-based discrim-
ination tends to target males more severely than females (Fershtman & Gneezy, 2001). Reflecting the
preferential treatment of female over male receivers outlined in the previous section, Figure 2 shows that
both migrant and non-migrant females receive a larger share of the endowment compared to their male
counterparts. Finally, the receivers’ age group does not moderate discrimination against migrants.

3.2.2. Heterogeneities by decision-makers’ characteristics

In Section 3.1, we demonstrate that the average discrimination observed is due to varying behaviors
of decision-maker subgroups, distinguished by their revealed egalitarian preferences. In this section,
utilizing the representative nature of our data, we examine whether levels of discrimination against
migrants vary across key population subgroups, categorized by gender, political preferences, decision-
makers’ own migration background, and the migration share in their home region. Unlike the previous
section, this heterogeneity analysis based on decision-maker characteristics is descriptive in nature.
Figure 3 depicts discriminatory behavior in terms of the share of received endowment in the different
subgroups considered. Panel A of Appendix Table A9 presents the underlying regressions, and Panel B
presents the corresponding results for the outcome of whether a receiver was allocated more than half
of the endowment.

While discrimination is prevalent among both male and female decision makers, our findings reveal
that males allocate a significantly smaller share of endowment to receivers with a Turkish migration
background than females do. Thus, we show that the pattern that males discriminate more than females
previously observed in studies with university students or school children (Fershtman & Gneezy, 2001;
Angerer et al., 2017) generalizes to the entire population.

To study the relationship between political preferences and discriminatory behavior, we classify par-
ticipants based on their support for the "Alternative fuer Deutschland" (AfD), a right-wing (extremist)
party with considerable popularity. Discriminatory behavior is very large among AfD supporters: They

9 Contrary to our findings, these studies typically show no discrimination against highly educated natives compared to those
with lower education (see also Angerer et al. (2019) for evidence that non-migrants with a university degree receive preferential
treatment over those without in accessing health care). Our results suggest a general tendency favoring the less educated in
the allocation task devoid of selfish motives. However, this form of discrimination is understandably absent in decisions like
hiring, where an individual’s education directly impacts firm productivity and other economically relevant outcomes.
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Figure 3: Effects of migration background on allocations, by decision-maker characteristics

Note: Coeffient plot: This plot shows the effect of randomly assigned receiver migration background (born in Turkey) on
the share of received endowment for different subgroups of decision makers. Estimates are based on the separate OLS re-
gressions with clustered standard errors on individual decisions (between two profiles) (see Panel A of Appendix Table A9
for the regression output). Error bars represent 95% confidence intervals.

allocate 11.4 percentage points less of the endowment to migrants compared to non-migrants. This level
of discrimination is significantly greater than among non-supporters of the AfD, who allocate "only" 2.3
percentage points less of the endowment to migrants. They are also more likely to identify country of
birth (i.e., migration background) as the most important receiver attribute for their allocation decision
(17.3% versus 6.0%; see columns 6 and 7 of Appendix Table A8), indicating that their high discrimination
level reflects a conscious choice rather than an unconscious bias (Bertrand et al., 2005).

Next, we study how discriminatory behavior varies based on decision-makers’ own migration back-
ground. Therefore, we classify decision makers as having a migration background if they or their par-
ents were born outside Germany. We find that discrimination against Turkish migrants is confined to
decision makers without a migration background. Those with a family history of migration do not
discriminate. This pattern is observationally consistent with social identity theory (Tajfel et al., 1979):
Individuals with a migration background might not perceive those born in Germany as their in-group,
and/or those born in Turkey as their out-group. As a result, they do not discriminate based on the
country of origin.

Finally, we explore if the level of discrimination differs by the migrant population share in decision-
makers’ home regions. Therefore, we merge our experimental data with foreigner-population statistics
at the level of Germany’s 97 spatial planning regions ("Raumordnungsregionen") (BIB, 2020). For our
analysis, we categorize regions by whether their migrant share is above or below the median value of
14.72%.10 Figure 3 shows that decisionmakers from regions with a higher share of migrants discriminate

10 Since 45 decision makers (2.1% of the sample) could not be matched unambiguously to a spatial planning region, we excluded
them from this analysis.
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significantly less than those from regions with a lower share of migrants.11 It is crucial to interpret
heterogeneities by regional characteristics with caution, as a region’s migration share may be correlated
with other unobserved regional characteristics that might be associated with discriminatory behavior.

4. Conclusion

We study discrimination against migrants within the general population. In our incentivized allocation
experiment with more than 2,000 participants representative of the German adult population, deci-
sion makers split a fixed endowment between two receivers. To identify discrimination, we randomly
vary whether receivers have a migration background, along with other receiver attributes (educational
background, gender, and age). We find that discrimination against receivers with Turkish migration
background is widespread and substantial in size. Our causal moderation analysis indicates that while
all migrant subgroups face discrimination, those with a better education and females experience signif-
icantly less. Furthermore, we find higher levels of discrimination among male decision makers, non-
migrants, participants with right-wing political preferences, and residents of regions with a lower mi-
grant share.

The pronounced discrimination in the general population that we have documented raises important
questions for future research. First, it would be very interesting to uncover the reasons behind dis-
crimination both across the general population and within specific subgroups. In fact, the documented
discrimination in our experimental allocation task can potentially be driven by different factors. For in-
stance, decision makers may discriminate not solely due to a preference against migrants, but also based
on (potentially erroneous) beliefs about how efficiently different recipients would use the allocated en-
dowment, leading to instances of (inaccurate) statistical discrimination. Determining whether the dis-
crimination observed stems from factors such as taste-based discrimination (Becker, 1971), (inaccurate)
statistical discrimination (Arrow, 1972a,b; Bohren et al., 2023; Phelps, 1972), or implicit discrimination
(Bertrand et al., 2005), is important for designing effective anti-discrimination policies. Second, although
we focus on discrimination against Turkish migrants, given their high relevance in the German context,
exploring how discriminatory behavior of the general population varies by migrants’ country of origin
would be very insightful.

11 This heterogeneity could be explained by the possibility that increased intergroup contact reduces discrimination (Allport
et al., 1954; Steinmayr, 2021). Another possible explanation could be location-choice patterns, where individuals less inclined
to discriminate tend to move to regions with a higher share of migrants, and conversely, migrants may also choose regions
with lower levels of discrimination. Finally, participants from regions with a high share of migrants are more likely to be
migrants themselves, so the lower discrimination observed in these regions could reflect the generally lower discriminatory
inclination among migrants documented above.

13



References

Abadie, A., Athey, S., Imbens, G.W., &Wooldridge, J. M. (2023). When should you adjust standard errors
for clustering?*. The Quarterly Journal of Economics, 138(1), 1–35. https://doi.org/10.1093/qje/qjac038

Ahmed, A. M. & Hammarstedt, M. (2008). Discrimination in the rental housing market: A field experi-
ment on the internet. Journal of Urban Economics, 64(2), 362–372. https://doi.org/10.1016/j.jue.2008.
02.004

Allport, G. W., Clark, K., & Pettigrew, T. (1954). The nature of prejudice. Longman Higher Education.

Almås, I., Cappelen, A. W., & Tungodden, B. (2020). Cutthroat capitalism versus cuddly socialism: Are
americansmoremeritocratic and efficiency-seeking than scandinavians? Journal of Political Economy,
128(5), 1753–1788. https://doi.org/10.1086/705551

Anderson, L. R., Fryer, R. G., & Holt, C. (2006). Discrimination: Experimental evidence from psychology
and economics. Handbook on the Economics of Discrimination, (Chapter 4). Edward Elgar Publishing.

Angerer, S., Baier, H., Glätzle-Rützle, D., Lergetporer, P., & Rittmannsberger, T. (2023). Representative
evidence on cooperation and punishment. mimeo.

Angerer, S., Dutcher, E. G., Glätzle-Rützler, D., Lergetporer, P., & Sutter, M. (2017). Gender differences
in discrimination emerge early in life: Evidence from primary school children in a bilingual city.
Economics Letters, 152, 15–18. https://doi.org/10.1016/j.econlet.2016.12.031

Angerer, S., Waibel, C., & Stummer, H. (2019). Discrimination in health care: A field experiment on the
impact of patients’ socioeconomic status on access to care. American Journal of Health Economics,
5(4), 407–427. https://doi.org/10.1162/ajhe_a_00124

Arechar, A. A., Gächter, S., & Molleman, L. (2018). Conducting interactive experiments online. Experi-
mental Economics, 21, 99–131. https://doi.org/10.1007/s10683-017-9527-2

Arnold, D., Dobbie, W., & Hull, P. (2022). Measuring racial discrimination in bail decisions. American

Economic Review, 112(9), 2992–3038. https://doi.org/10.1257/aer.20201653

Arrow, K. J. (1972a). Models of job discrimination. Racial Discrimination in Economic Life, 83–102.
Lexington.

Arrow, K. J. (1972b). Some mathematical models of race discrimination in the labor market. Racial

Discrimination in Economic Life, 187–203. Lexington.

BAMF (2022). Migrationsbericht der Bundesregierung (Migrationsbericht 2021). Report, Bundesamt für
Migration und Flüchtlinge (BAMF) Forschungszentrum Migration, Integration und Asyl (FZ), Nürn-
berg.

Bartoš, V., Bauer, M., Chytilová, J., & Matějka, F. (2016). Attention discrimination: Theory and field
experiments with monitoring information acquisition. American Economic Review, 106(6), 1437–75.
https://doi.org/10.1257/aer.20140571

14

https://doi.org/10.1093/qje/qjac038
https://doi.org/10.1016/j.jue.2008.02.004
https://doi.org/10.1016/j.jue.2008.02.004
https://doi.org/10.1086/705551
https://doi.org/10.1016/j.econlet.2016.12.031
https://doi.org/10.1162/ajhe_a_00124
https://doi.org/10.1007/s10683-017-9527-2
https://doi.org/10.1257/aer.20201653
https://doi.org/10.1257/aer.20140571


Becker, G. S. (1971). The economics of discrimination (2 ed.). University of Chicago Press.

Benoit, Watanabe, K., Wang, H., Nulty, P., Obeng, A., Müller, S., & Matsuo, A. (2018). quanteda: An
r package for the quantitative analysis of textual data. Journal of Open Source Software, 3(30), 774.
https://doi.org/10.21105/joss.00774

Bergman, P. & McFarlin, Isaac, J. (2018). Education for all? A nationwide audit study of school choice.
Working Paper 25396, National Bureau of Economic Research. https://doi.org/10.3386/w25396

Bertrand, M., Chugh, D., & Mullainathan, S. (2005). Implicit discrimination. American Economic Review,
95(2), 94–98. https://doi.org/10.1257/000282805774670365

Bertrand, M. & Duflo, E. (2017). Field experiments on discrimination. Handbook of Economic Field

Experiments, 1, 309–393. https://doi.org/10.1016/bs.hefe.2016.08.004

Bertrand, M. & Mullainathan, S. (2004). Are Emily and Greg more employable than Lakisha and Jamal?
A field experiment on labor market discrimination. American Economic Review, 94(4), 991–1013. https:
//doi.org/10.1257/0002828042002561

BIB (2020). Ausländische Bevölkerung in Deutschland (Kreisebene, 2020). Technical report, Bundesin-
stitut für Bevölkerungsforschung (BIB), Wiesbaden. https://www.bib.bund.de/Permalink.html?cms_
permaid=1218016

Bindra, P. C., Glätzle-Rützler, D., & Lergetporer, P. (2020). Discrimination at young age: Experimental
evidence from preschool children. Journal of Economic Behavior & Organization, 175, 55–70. https:
//doi.org/https://doi.org/10.1016/j.jebo.2019.12.026

Bohren, J. A., Haggag, K., Imas, A., & Pope, D. G. (2023). Inaccurate statistical discrimination: An
identification problem. The Review of Economics and Statistics, 1–45. https://doi.org/10.1162/rest_a_
01367

Brañas-Garza, P., Jorrat, D., Espín, A. M., & Sánchez, A. (2023). Paid and hypothetical time preferences
are the same: lab, field and online evidence. Experimental Economics, 26(2), 412–434. https://doi.org/
10.1007/s10683-022-09776-

Bundesministerium der Justiz (2006). Allgemeines Gleichbehandlungsgesetz. Bundesgesetzblatt, BGBl. I
S. 1897.

Buso, I. M., Di Cagno, D., Ferrari, L., Larocca, V., Lorè, L., Marazzi, F., Panaccione, L., & Spadoni, L.
(2021). Lab-like findings from online experiments. Journal of the Economic Science Association, 7(2),
184–193. https://doi.org/10.1007/s40881-021-00114-8

Cappelen, A. W., Nygaard, K., Sørensen, E. Ø., & Tungodden, B. (2015). Social preferences in the lab:
A comparison of students and a representative population. The Scandinavian Journal of Economics,
117(4), 1306–1326. https://doi.org/https://doi.org/10.1111/sjoe.12114

15

https://doi.org/10.21105/joss.00774
https://doi.org/10.3386/w25396
https://doi.org/10.1257/000282805774670365
https://doi.org/10.1016/bs.hefe.2016.08.004
https://doi.org/10.1257/0002828042002561
https://doi.org/10.1257/0002828042002561
https://www.bib.bund.de/Permalink.html?cms_permaid=1218016
https://www.bib.bund.de/Permalink.html?cms_permaid=1218016
https://doi.org/https://doi.org/10.1016/j.jebo.2019.12.026
https://doi.org/https://doi.org/10.1016/j.jebo.2019.12.026
https://doi.org/10.1162/rest_a_01367
https://doi.org/10.1162/rest_a_01367
https://doi.org/10.1007/s10683-022-09776-
https://doi.org/10.1007/s10683-022-09776-
https://doi.org/10.1007/s40881-021-00114-8
https://doi.org/https://doi.org/10.1111/sjoe.12114


Carpenter, J. & Connolly, C. (2008). Altruistic behavior in a representative dictator experiment. Experi-
mental Economics, 11(3), 282–98. https://doi.org/10.1007/s10683-007-9193-x

Chen, Y. & Li, S. X. (2009). Group identity and social preferences. American Economic Review, 99(1),
431–57. https://doi.org/10.1257/aer.99.1.431

Clot, S., Grolleau, G., & Ibanez, L. (2018). Shall we pay all? An experimental test of random incentivized
systems. Journal of Behavioral and Experimental Economics, 73, 93–98. https://doi.org/10.1016/j.socec.
2018.01.004

Coffman, K. B., Coffman, L. C., & Ericson, K. M. M. (2017). The size of the lgbt population and the
magnitude of antigay sentiment are substantially underestimated. Management Science, 63(10), 3168–
3186. https://doi.org/10.1287/mnsc.2016.2503

Destatis (2021). Bevölkerung und Erwerbstätigkeit: Bevölkerung mit Migrationshintergrund.
https://www.destatis.de/DE/Themen/Gesellschaft-Umwelt/Bevoelkerung/Migration-Integration/
Publikationen/Downloads-Migration/migrationshintergrund-endergebnisse-2010220217004.pdf?__
blob=publicationFile

Falk, A., Becker, A., Dohmen, T., Enke, B., Huffman, D., & Sunde, U. (2018). Global evidence on economic
preferences. The Quarterly Journal of Economics, 133(4), 1645–1692. https://doi.org/10.1093/qje/qjy013

Fershtman, C. &Gneezy, U. (2001). Discrimination in a Segmented Society: An Experimental Approach*.
The Quarterly Journal of Economics, 116(1), 351–377. https://doi.org/10.1162/003355301556338

German Microcensus (2015). Research Data Centres of the Federal Statistical Office and the statistical

offices of the Laender.

Giulietti, C., Tonin, M., & Vlassopoulos, M. (2017). Racial discrimination in local public services: A
field experiment in the United States. Journal of the European Economic Association, 17(1), 165–204.
https://doi.org/10.1093/jeea/jvx045

Grewenig, E., Lergetporer, P., Simon, L., Werner, K., & Woessmann, L. (2023). Can internet surveys
represent the entire population? A practitioners’ analysis. European Journal of Political Economy, 78,
102382. https://doi.org/10.1016/j.ejpoleco.2023.102382

Gächter, S., Kölle, F., & Quercia, S. (2022). Preferences and perceptions in provision and maintenance
public goods. Games and Economic Behavior, 135, 338–355. https://doi.org/10.1016/j.geb.2022.06.009

Haaland, I., Roth, C., & Wohlfart, J. (2023). Designing information provision experiments. Journal of

Economic Literature, 61(1), 3–40. https://doi.org/10.1257/jel.20211658

Habyarimana, J., Humphreys, M., Posner, D. N., & Weinstein, J. M. (2007). Why does ethnic diversity
undermine public goods provision? American Political Science Review, 101, 709–725. https://www.
jstor.org/stable/27644480

16

https://doi.org/10.1007/s10683-007-9193-x
https://doi.org/10.1257/aer.99.1.431
https://doi.org/10.1016/j.socec.2018.01.004
https://doi.org/10.1016/j.socec.2018.01.004
https://doi.org/10.1287/mnsc.2016.2503
https://www.destatis.de/DE/Themen/Gesellschaft-Umwelt/Bevoelkerung/Migration-Integration/Publikationen/Downloads-Migration/migrationshintergrund-endergebnisse-2010220217004.pdf?__blob=publicationFile
https://www.destatis.de/DE/Themen/Gesellschaft-Umwelt/Bevoelkerung/Migration-Integration/Publikationen/Downloads-Migration/migrationshintergrund-endergebnisse-2010220217004.pdf?__blob=publicationFile
https://www.destatis.de/DE/Themen/Gesellschaft-Umwelt/Bevoelkerung/Migration-Integration/Publikationen/Downloads-Migration/migrationshintergrund-endergebnisse-2010220217004.pdf?__blob=publicationFile
https://doi.org/10.1093/qje/qjy013
https://doi.org/10.1162/003355301556338
https://doi.org/10.1093/jeea/jvx045
https://doi.org/10.1016/j.ejpoleco.2023.102382
https://doi.org/10.1016/j.geb.2022.06.009
https://doi.org/10.1257/jel.20211658
https://www.jstor.org/stable/27644480
https://www.jstor.org/stable/27644480


Hainmueller, J., Hangartner, D., & Yamamoto, T. (2015). Validating vignette and conjoint survey experi-
ments against real-world behavior. Proceedings of the National Academy of Sciences, 112(8), 2395–2400.
https://doi.org/10.1073/pnas.1416587112

Hainmueller, J., Hopkins, D. J., & Yamamoto, T. (2014). Causal inference in conjoint analysis: Under-
standing multidimensional choices via stated preference experiments. Political Analysis, 22(1), 1–30.
https://doi.org/10.1093/pan/mpt024

Hermes, H., Lergetporer, P., Mierisch, F., Peter, F., & Wiederhold, S. (2023). Discrimination on the child
care market: A nationwide field experiment. Working Papers 225, Bavarian Graduate Program in
Economics (BGPE). https://ideas.repec.org/p/bav/wpaper/225_hermesetal.html

Kaas, L. & Manger, C. (2012). Ethnic discrimination in Germany’s labour market: A field experiment.
German Economic Review, 13(1), 1–20. https://doi.org/https://doi.org/10.1111/j.1468-0475.2011.00538.
x

Kerschbamer, R. & Müller, D. (2020). Social preferences and political attitudes: An online experiment
on a large heterogeneous sample. Journal of Public Economics, 182, 104076. https://doi.org/10.1016/j.
jpubeco.2019.104076

Kline, P., Rose, E. K., & Walters, C. R. (2022). Systemic discrimination among large U.S. employers*. The
Quarterly Journal of Economics, 137(4), 1963–2036. https://doi.org/10.1093/qje/qjac024

Kudashvili, N. & Lergetporer, P. (2022). Minorities’ strategic response to discrimination: Experimental
evidence. Journal of Public Economics, 208, 104630. https://doi.org/https://doi.org/10.1016/j.jpubeco.
2022.104630

Lane, T. (2016). Discrimination in the laboratory: A meta-analysis of economics experiments. European
Economic Review, 90, 375–402. https://doi.org/https://doi.org/10.1016/j.euroecorev.2015.11.011

Lavy, V., Sand, E., & Shayo, M. (2022). Discrimination between religious and non-religious groups:
Evidence from marking high-stakes exams. The Economic Journal, 132(646), 2308–2324. https://doi.
org/10.1093/ej/ueac014

Lergetporer, P., Piopiunik, M., & Simon, L. (2021). Does the education level of refugees affect natives’ at-
titudes? European Economic Review, 134, 103710. https://doi.org/https://doi.org/10.1016/j.euroecorev.
2021.103710

List, J. A. & Rasul, I. (2011). Chapter 2 - Field experiments in labor economics. Handbook of Labor

Economics, volume 4, 103–228. Elsevier. https://doi.org/10.1016/S0169-7218(11)00408-4

Maestas, N., Mullen, K. J., Powell, D., von Wachter, T., & Wenger, J. B. (2023). The value of working
conditions in the United States and the implications for the structure of wages. American Economic

Review, 113(7), 2007–47. https://doi.org/10.1257/aer.20190846

17

https://doi.org/10.1073/pnas.1416587112
https://doi.org/10.1093/pan/mpt024
https://ideas.repec.org/p/bav/wpaper/225_hermesetal.html
https://doi.org/https://doi.org/10.1111/j.1468-0475.2011.00538.x
https://doi.org/https://doi.org/10.1111/j.1468-0475.2011.00538.x
https://doi.org/10.1016/j.jpubeco.2019.104076
https://doi.org/10.1016/j.jpubeco.2019.104076
https://doi.org/10.1093/qje/qjac024
https://doi.org/https://doi.org/10.1016/j.jpubeco.2022.104630
https://doi.org/https://doi.org/10.1016/j.jpubeco.2022.104630
https://doi.org/https://doi.org/10.1016/j.euroecorev.2015.11.011
https://doi.org/10.1093/ej/ueac014
https://doi.org/10.1093/ej/ueac014
https://doi.org/https://doi.org/10.1016/j.euroecorev.2021.103710
https://doi.org/https://doi.org/10.1016/j.euroecorev.2021.103710
https://doi.org/10.1016/S0169-7218(11)00408-4
https://doi.org/10.1257/aer.20190846


Oreopoulos, P. (2011). Why do skilled immigrants struggle in the labor market? A field experiment
with thirteen thousand resumes. American Economic Journal: Economic Policy, 3(4), 148–71. https:
//doi.org/10.1257/pol.3.4.148

Phelps, E. S. (1972). The statistical theory of racism and sexism. The American Economic Review, 62(4),
659–661. http://www.jstor.org/stable/1806107

Small, M. L. & Pager, D. (2020). Sociological perspectives on racial discrimination. Journal of Economic

Perspectives, 34(2), 49–67. https://doi.org/10.1257/jep.34.2.49

Steinmayr, A. (2021). Contact versus exposure: Refugee presence and voting for the far right. The Review
of Economics and Statistics, 103(2), 310–327. https://doi.org/10.1162/rest_a_00922

Tajfel, H., Turner, J. C., Austin, W. G., & Worchel, S. (1979). An integrative theory of intergroup conflict.
Organizational Identity: A Reader, 56–65. Oxford University Press.

United States Congress (1964). Civil rights act of 1964. Public Law No. 88-352, 78 Stat. 241, amended by
Public Law No. 114-95.

Zumbach, D. & Bauer, P. C. (2023). deeplr: Interface to the ’deepl’ translation api. https://github.com/
zumbov/deeplr. R package version 2.0.1

18

https://doi.org/10.1257/pol.3.4.148
https://doi.org/10.1257/pol.3.4.148
http://www.jstor.org/stable/1806107
https://doi.org/10.1257/jep.34.2.49
https://doi.org/10.1162/rest_a_00922
https://github.com/zumbov/deeplr
https://github.com/zumbov/deeplr


Appendix A Additional Figures and Tables

A-1



Table A1: Summary statistics and balancing

Balancing of receiver attributes
Agegroups

Mean SD Obs M
ig
ra
tio

n

Ed
uc
at
io
n

Ge
nd

er

18
-3
7
vs
.3
8-
54

18
-3
7
vs
.3
8-
54

38
-5
4
vs
.5
5-
69

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Sociodemographics
Female [%] 49.82 50.00 2180 0.239 0.271 0.782 0.814 0.544 0.401
Age in Years 43.80 14.50 2180 0.990 0.138 0.078 0.228 0.497 0.592
Born in Germany [%] 93.66 24.36 2178 0.512 0.577 0.305 0.550 0.880 0.650
Migration Background [%] 18.74 39.03 2177 0.514 0.752 0.283 0.947 0.829 0.778
Living in the East of Germany [%] 22.98 42.07 2180 0.987 0.708 0.041 0.694 0.478 0.758
Equivalized household size 1.54 0.46 2176 0.604 0.341 0.162 0.136 0.913 0.163
Equivalized household income [in Euros] 1,887 847 2018 0.681 0.840 0.985 0.372 0.241 0.797
University degree [%] 12.48 33.05 2180 0.184 0.120 0.278 0.006 0.003 0.855

Highest school degree [%]
No degree/basic degree 1.01 10.00 2180 0.622 0.470 0.796 0.653 0.973 0.626
Middle school degree 57.39 49.45 2180 0.209 0.427 0.976 0.724 0.501 0.305
University entrance qualification 41.06 49.20 2180 0.223 0.362 0.982 0.648 0.535 0.281
Student 0.55 7.40 2180 0.713 0.826 0.761 0.944 0.678 0.732

Work status
Currently working [%] 70.37 45.66 2177 0.927 0.547 0.978 0.165 0.238 0.819

Political party preferences [%]
AfD1 14.33 35.04 2177 0.513 0.983 0.407 0.019 0.483 0.096
CDU/CSU1 15.71 36.39 2177 0.699 0.036 0.936 0.643 0.604 0.326
FDP1 7.12 25.72 2177 0.941 0.064 0.850 0.551 0.850 0.430
SPD 14.61 35.32 2177 0.179 0.312 0.931 0.885 0.904 0.790
Die Linke 5.19 22.19 2177 0.894 0.964 0.798 0.169 0.915 0.135
Die Grünen 10.47 30.62 2177 0.312 0.739 0.241 0.813 0.502 0.668
Other/none Political Party 32.57 46.87 2177 0.167 0.721 0.170 0.247 0.416 0.718

(Economic) Preferences
Risk-taking 4.50 2.45 2178 0.541 0.710 0.014 0.076 0.093 0.907
Patience 65.40 2.19 2178 0.422 0.978 0.661 0.865 0.907 0.956
Altruism 70.71 2.19 2178 0.290 0.478 0.164 0.891 0.444 0.363
Competitiveness 54.18 2.39 2178 0.282 0.919 0.952 0.047 0.092 0.745

Above-median migration share [%] 50.83 50.00 2180 0.276 0.356 0.433 0.184 0.115 0.820

Note: Column 1 (2) shows the mean values (standard deviations SD) of the characteristics of our participants. Column 3 shows howmany
participants answered the corresponding questions. Columns 4-9 show the balancing of the receiver attributes over the various back-
ground characteristics. Every value shows the p-value of a regression, regressing the background characteristic on an indicator for the
receiver attribute. Migration Background shows whether the decision maker has a family history of migration (one if either the decision
maker or one of his/her parents was not born in Germany, zero otherwise). Equivalized household size is a measure of household size us-
ing a standard (equivalence) scale, the modified OECD scale, which gives a weight of 1 to the first adult in the household, 0.5 to each other
person in the household aged 14 years or older, and 0.3 to each child under the age of 14. Equivalized household income corresponds to the
reported household income divided by the equalized household size. Currently working is one if participants report being (self-)employed.
Political party preference was elicited by asking which party participants generally sympathize with. Risk-taking, Patience, Altruism, and
Competitiveness were measured on 11-point Likert scales following Falk et al. (2018). Above-median migration share is one if the decision
maker lives in a region (spatial planning region, ("Raumordnungsregion") with an above-median share of migrants (> 14.72%) and zero
otherwise (≤ 14.72%).
1 Leaning toward any of these political parties is classified as a conservative political orientation.
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Table A2: Comparison of characteristics of our sample and official statistics

Sample Microcensus Difference

(1) (2) (3)

Age groups
18-29 20.92 20.15 -0.77
30-39 20.09 19.17 -0.92
40-49 18.30 18.1 -0.20
50-59 21.28 23.90 2.62
60-69 19.40 18.68 -0.72

Gender
Male 50.11 50.47 0.36
Female 49.89 49.53 -0.36

Highest school degree
Student 0.55 0.28 -0.27
Basic 25.00 25.97 0.97
Middle 33.39 33.33 -0.06
University entrance qualification ("Abitur") 41.06 40.00 -0.64

Country of residence
Baden-Württemberg 11.61 13.37 1.76
Bayern 14.72 15.85 1.13
Berlin 5.50 4.45 -1.05
Brandenburg 3.12 3.05 -0.07
Bremen 0.96 0.81 -0.15
Hamburg 2.89 2.24 -0.65
Hessen 6.70 7.58 0.88
Mecklenburg-Vorpommern 2.29 1.93 -0.36
Niedersachsen 9.45 9.65 0.20
Nordrhein-Westfalen 20.78 21.50 0.72
Rheinland-Pfalz 4.54 4.93 0.39
Saarland 1.61 1.18 -0.43
Sachsen 6.51 4.84 -1.67
Sachsen-Anhalt 2.61 2.59 -0.02
Schleswig-Holstein 3.76 3.50 -0.26
Thüringen 2.94 2.52 -0.42

Note: This table shows participant characteristics of our final sample (n= 2,180) and the German Microcensus (German Mi-
crocensus, 2015). Our sample was drawn to match official population statistics concerning age, gender, educational back-
ground, and federal state. We ask participants "What is your highest general education degree?" and categorize them into
four groups as follows: Student ("I am currently a student"), Basic ("No general school leaving certificate" and "Elementary
school certificate"), Middle ("Secondary school certificate"), Universit entrance qualification ("Abitur") ("High school diploma"
and "Advanced technical college certificate").
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Table A3: Effects of migration background and other attributes on allocations

(yes/no)
Received more than half

of endowment
Received share

(1) (2) (3) (4) (5) (6)
Migration Background (yes) -0.039*** -0.038*** -0.038*** -0.036*** -0.037*** -0.036***

(0.006) (0.007) (0.006) (0.004) (0.004) (0.004)
Education (low) 0.024*** 0.025*** 0.024*** 0.011*** 0.012*** 0.011***

(0.006) (0.007) (0.006) (0.003) (0.004) (0.003)
Female 0.041*** 0.045*** 0.041*** 0.031*** 0.031*** 0.031***

(0.006) (0.006) (0.006) (0.003) (0.004) (0.003)
Age: 38-54 -0.012 -0.015* -0.012 -0.005 -0.005 -0.005

(0.008) (0.008) (0.008) (0.004) (0.004) (0.004)
Age: 55-69 0.012 0.014* 0.012 0.009** 0.012*** 0.009**

(0.008) (0.008) (0.008) (0.004) (0.004) (0.004)

Additional Controls
Background Characteristics1 ✓ ✓
Treatment assignment in CG game2 ✓ ✓

Control Mean3 0.131 0.495

[Difference of effect]
p-values of post-estimation Wald Tests

Age: 38-54 vs Age: 55-69 0.0013 0.0002 0.0014 0.0010 0.0000 0.0010

R-squared 0.008 0.018 0.009 0.018 0.019 0.018
Number of profiles 13080 12108 13080 13080 12108 13080
Number of decisions 6540 6054 6540 6540 6054 6540
Number of decision makers 2180 2018 2180 2180 2018 2180

Note: This table shows the effect of randomly assigned receiver attributes on the received share of the endowment. Es-
timates are based on the OLS regression estimators with clustered standard errors on individual decisions (between two
profiles). The dependent variable is the probability of receiving more than half of the endowment (columns 1-3) and the
share of the received endowment (columns 4-6). The independent variables are indicators of receiver attributes. When al-
locating their endowment between two receivers, decision makers were shown the profiles of each receiver side by side.
The profiles potentially differ along the following attributes: Migration background (country of birth: Germany | Turkey),
education background (with or without University entrance qualification (Abitur) - which we denote as low/high education
respectively), gender (female | male), and age group (18-37 | 38-54 | 55-69). We control for decision-makers’ background
characteristics (columns 2 and 4) and the treatment assignment in an unrelated cooperation game (columns 3 and 6).
1 Background characteristics: Female, age in years, whether the decision maker has a family history of migration (one if
either the decision maker or one of his/her parents was not born in Germany, zero otherwise), whether the decision maker
is currently working (one if participants report being (self-)employed), highest school degree, conservative political party
preference (elicited by asking which party decision makers generally sympathize with (leaning toward AfD, CDU/CSU,
or FDP is classified as conservative political orientation), and equivalized household income corresponds to the reported
household income divided by the equalized household size (equivalized household size is a measure of household size us-
ing a standard (equivalence) scale, the modified OECD scale, which gives a weight of 1 to the first adult in the household,
0.5 to each other person in the household aged 14 years or older, and 0.3 to each child under the age of 14.).
2 The survey comprised an incentivized experiment on cooperation (Angerer et al., 2023), played before the allocation task.
In this cooperation experiment, participants played a prisoner’s dilemma game with or without third-party punishment
(between-subject design).
3 Mean of the outcome variable for a receiver in the reference category: Young male, aged between 18-37 years, born in
Germany with a higher education (University entrance qualification).
* p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A4: Effects of migration background on allocations, by other receiver attributes

(yes/no)
Received more than half

of endowment
Received share

(1) (2) (3) (4) (5) (6)
Migration Background (yes) -0.024* -0.022 -0.024* -0.028*** -0.029*** -0.028***

(0.013) (0.014) (0.013) (0.007) (0.008) (0.007)
Education (low) 0.044*** 0.046*** 0.044*** 0.023*** 0.024*** 0.023***

(0.009) (0.010) (0.009) (0.005) (0.005) (0.005)
Female 0.033*** 0.033*** 0.033*** 0.023*** 0.021*** 0.023***

(0.009) (0.009) (0.009) (0.005) (0.005) (0.005)
Age: 38-54 -0.005 -0.005 -0.005 0.000 -0.000 0.000

(0.011) (0.012) (0.011) (0.006) (0.006) (0.006)
Age: 55-69 0.008 0.015 0.008 0.011* 0.015*** 0.011*

(0.011) (0.012) (0.011) (0.006) (0.006) (0.006)
Migration Background (yes) × Female 0.016 0.025** 0.016 0.016** 0.021*** 0.016**

(0.012) (0.013) (0.012) (0.007) (0.007) (0.007)
Migration Background (yes) × Lower Education -0.041*** -0.042*** -0.041*** -0.025*** -0.025*** -0.025***

(0.012) (0.013) (0.012) (0.007) (0.007) (0.007)
Migration Background (yes) × Age: 38-54 -0.016 -0.021 -0.015 -0.010 -0.010 -0.010

(0.015) (0.015) (0.015) (0.008) (0.008) (0.008)
Migration Background (yes) × Age: 55-69 0.007 -0.002 0.007 -0.004 -0.006 -0.004

(0.015) (0.016) (0.015) (0.008) (0.008) (0.008)

Additional Controls
Background Characteristics1 ✓ ✓
Treatment assignment in CG game2 ✓ ✓

[Difference of effect]
p-values of post-estimation Wald Tests

Interaction 38-54 vs. Interaction 55-69 0.1327 0.2189 0.1362 0.4820 0.6312 0.4807

R-squared 0.010 0.019 0.010 0.019 0.021 0.019
Number of profiles 13080 12108 13080 13080 12108 13080
Number of decisions 6540 6054 6540 6540 6054 6540
Number of decision makers 2180 2018 2180 2180 2018 2180

Note: This table shows the effect of receivers’ migration background (born in Turkey vs. born in Germany) on the re-
ceived share of the endowment over additional receiver attributes. Estimates are based on the OLS regression estimators
with clustered standard errors on individual decisions (between two profiles). The dependent variable is the probability of
receiving more than half of the endowment (columns 1-3) and the share of the received endowment (columns 4-6). The
independent variables are indicators of receiver attributes and interactions thereof. When allocating their endowment be-
tween two receivers, decision makers were shown the profiles of each receiver side by side. The profiles potentially differ
along the following attributes: Migration background (country of birth: Germany | Turkey), education background (with
or without University entrance qualification (Abitur) - which we denote as low/high education respectively), gender (fe-
male | male), and age group (18-37 | 38-54 | 55-69). We control for decision-makers’ background characteristics (columns 2
and 5) and the treatment assignment in an unrelated cooperation game (columns 3 and 6).
1 Background characteristics: Female, age in years, whether the decision maker has a family history of migration (one if
either the decision maker or one of his/her parents was not born in Germany, zero otherwise), whether the decision maker
is currently working (one if participants report being (self-)employed), highest school degree, conservative political party
preference (elicited by asking which party decision makers generally sympathize with (leaning toward AfD, CDU/CSU,
or FDP is classified as conservative political orientation), and equivalized household income corresponds to the reported
household income divided by the equalized household size (equivalized household size is a measure of household size us-
ing a standard (equivalence) scale, the modified OECD scale, which gives a weight of 1 to the first adult in the household,
0.5 to each other person in the household aged 14 years or older, and 0.3 to each child under the age of 14.).
2 The survey comprised an incentivized experiment on cooperation (Angerer et al., 2023), played before the allocation task.
In this cooperation experiment, participants played a prisoner’s dilemma game with or without third-party punishment
(between-subject design).
* p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A5: Effects of migration background and other attributes on allocations (cluster on decision-maker ID)

(1) (2)

(yes/no)
Received more than half

of endowment
Received share

Migration Background (yes) -0.039*** -0.036***
(0.007) (0.004)

Education (low) 0.024*** 0.011***
(0.007) (0.004)

Female 0.042*** 0.031***
(0.006) (0.004)

Age: 38-54 -0.012 -0.005
(0.008) (0.004)

Age: 55-69 0.012 0.009*
(0.008) (0.005)

Control Mean1 0.131 0.495

[Difference of effect]
p-values of post-estimation Wald Tests

Age: 38-54 vs Age: 55-69 0.0018 0.0015

R-squared 0.008 0.018
Number of profiles 13080 13080
Number of decisions 6540 6540
Number of decision makers 2180 2180

Note: This table shows the effect of randomly assigned receiver attributes on the received share of the endowment. Es-
timates are based on the OLS regression estimators with clustered standard errors on the ID of decision makers. The de-
pendent variable is the probability of receiving more than half of the endowment (column 1) and the share of the received
endowment (column 2). The independent variables are indicators of receiver attributes. When allocating their endowment
between two receivers, decision makers were shown the profiles of each receiver side by side. The profiles potentially
differ along the following attributes: Migration background (country of birth: Germany | Turkey), education background
(with or without University entrance qualification (Abitur) - which we denote as low/high education respectively), gender
(female | male), and age group (18-37 | 38-54 | 55-69).
1 Mean of the outcome variable for a receiver in the reference category: Young male, aged between 18-37 years, born in
Germany with a higher education (University entrance qualification).
* p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A6: Effects of migration background on allocations, by other receiver attributes (cluster on decision-maker
ID)

(1) (2)

(yes/no)
Received more than half

of endowment
Received share

Migration Background (yes) -0.024* -0.028***
(0.014) (0.008)

Education (low) 0.044*** 0.023***
(0.010) (0.005)

Female 0.033*** 0.023***
(0.009) (0.005)

Age: 38-54 -0.005 0.000
(0.011) (0.006)

Age: 55-69 0.008 0.011*
(0.012) (0.006)

Migration Background (yes) × Female 0.016 0.016**
(0.012) (0.007)

Migration Background (yes) × Lower Education -0.041*** -0.025***
(0.013) (0.007)

Migration Background (yes) × Age: 38-54 -0.016 -0.010
(0.015) (0.008)

Migration Background (yes) × Age: 55-69 0.007 -0.004
(0.015) (0.008)

[Difference of Effect]
p-values of post-estimation Wald Tests

Interaction 38-54 vs. Interaction 55-69 0.1404 0.4878

R-squared 0.010 0.019
Number of profiles 13080 13080
Number of decisions 6540 6540
Number of decision makers 2180 2180

Note: This table shows the effect of receivers’ migration background (born in Turkey vs. born in Germany) on the received
share of the endowment over additional receiver attributes. Estimates are based on the OLS regression estimators with
clustered standard errors on the ID of decision makers. The dependent variable is the probability of receiving more than
half of the endowment (column 1) and the share of the received endowment (column 2). The independent variables are in-
dicators of receiver attributes and interactions thereof. When allocating their endowment between two receivers, decision
makers were shown the profiles of each receiver side by side. The profiles potentially differ along the following attributes:
Migration background (country of birth: Germany | Turkey), education background (with or without University entrance
qualification (Abitur) - which we denote as low/high education respectively), gender (female | male), and age group (18-37
| 38-54 | 55-69).
* p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A7: Effects of migration background and other attributes on allocations (given discrimination)

(yes/no)
Received more than half

of endowment
Received share

(1) (2) (3) (4) (5) (6)
Migration Background (yes) -0.161*** -0.163*** -0.161*** -0.125*** -0.125*** -0.125***

(0.017) (0.017) (0.017) (0.012) (0.012) (0.012)
Education (low) 0.054*** 0.056*** 0.054*** 0.033*** 0.035*** 0.033***

(0.017) (0.018) (0.017) (0.012) (0.012) (0.012)
Female 0.154*** 0.156*** 0.154*** 0.107*** 0.106*** 0.107***

(0.016) (0.017) (0.016) (0.011) (0.012) (0.012)
Age: 38-54 -0.015 -0.018 -0.015 -0.017 -0.020 -0.017

(0.021) (0.021) (0.021) (0.014) (0.015) (0.014)
Age: 55-69 0.052*** 0.064*** 0.052*** 0.035** 0.045*** 0.035**

(0.020) (0.021) (0.020) (0.014) (0.015) (0.014)

Additional Controls
Background Characteristics1 ✓ ✓
Treatment assignment in CG game2 ✓ ✓

Control Mean3 0.464 0.487

[Difference of effect]
p-values of post-estimation Wald Tests

Age: 38-54 vs Age: 55-69 0.0008 0.0001 0.0008 0.0003 0.0000 0.0003

R-squared 0.056 0.059 0.056 0.061 0.063 0.061
Number of profiles 3800 3546 3800 3800 3546 3800
Number of decisions 1900 1773 1900 1900 1773 1900
Number of decision makers 997 932 997 997 932 997

Note: Like Table A3, this table shows the effect of randomly assigned receiver attributes on the received share of the en-
dowment, but only for decisions where decision makers discriminate (decide against an equal split). Estimates
are based on the OLS regression estimators with clustered standard errors on individual decisions (between two profiles).
The dependent variable is the probability of receiving more than half of the endowment (columns 1-3) and the share of the
received endowment (columns 4-6). The independent variables are indicators of receiver attributes. When allocating their
endowment between two receivers, decision makers were shown the profiles of each receiver side by side. The profiles po-
tentially differ along the following attributes: Migration background (country of birth: Germany | Turkey), education back-
ground (with or without University entrance qualification (Abitur) - which we denote as low/high education respectively),
gender (female | male), and age group (18-37 | 38-54 | 55-69). We control for decision-makers’ background characteristics
(columns 2 and 4) and the treatment assignment in an unrelated cooperation game (columns 3 and 6).
1 Background characteristics: Female, age in years, whether the decision maker has a family history of migration (one if
either the decision maker or one of his/her parents was not born in Germany, zero otherwise), whether the decision maker
is currently working (one if participants report being (self-)employed), highest school degree, conservative political party
preference (elicited by asking which party decision makers generally sympathize with (leaning toward AfD, CDU/CSU,
or FDP is classified as conservative political orientation), and equivalized household income corresponds to the reported
household income divided by the equalized household size (equivalized household size is a measure of household size us-
ing a standard (equivalence) scale, the modified OECD scale, which gives a weight of 1 to the first adult in the household,
0.5 to each other person in the household aged 14 years or older, and 0.3 to each child under the age of 14.).
2 The survey comprised an incentivized experiment on cooperation (Angerer et al., 2023), played before the allocation task.
In this cooperation experiment, participants played a prisoner’s dilemma game with or without third-party punishment
(between-subject design).
3 Mean of the outcome variable for a receiver in the reference category: Young male, aged between 18-37 years, born in
Germany with a higher education (University entrance qualification).
* p < 0.10, ** p < 0.05, *** p < 0.01.
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Table A8: Most important receiver attribute for allocation choice (self-reported)

Characteristics of decision maker

Egalitarian
Strict Gender

preference (AfD)
political

Right-wing

Background
Migration

migration share
Above-median

All Yes No Females Males Yes No Yes No Yes No
(1) (2) (3) (4) (5) (6) (7) (8) (9) (10) (11)

None/I don’t know 60.07 93.58 20.28 63.78 56.40 47.44 62.14 50.25 62.30 64.12 56.15
Country of Birth 7.57 0.42 16.06 6.36 8.78 17.31 5.95 5.15 8.14 7.46 7.69
Education 12.76 2.37 25.10 11.61 13.89 11.54 12.98 20.10 11.08 11.18 14.29
Gender 5.87 1.27 11.35 5.44 6.31 5.45 5.95 6.13 5.82 5.13 6.60
Age 13.72 2.37 27.21 12.81 14.63 18.27 12.98 18.38 12.66 12.12 15.28
Observations 2179 1183 996 1085 1094 312 1865 408 1769 1073 1106

Note: Following the three allocation tasks, decision makers answered the question "Which attribute was most crucial to your
decision?", where they could select one of the answers shown in the rows of the first column. Each cell shows the percent
of decision makers (of the subgroups indicated in each column) who chose the respective answer. Decision makers who
always allocate their endowment 50/50 between the receivers are classified as being strictly egalitarian. Migration Back-
ground shows whether the decision maker has a family history of migration (Yes if either the decision maker or one of
his/her parents was not born in Germany, No otherwise). We categorize decision makers, by whether they live in a spatial
planning region ("Raumordnungsregion") with an above-median share of migrants or not. The median share of migrants in
the region was 14.72%, the minimum 4.95%, and the maximum 22.86%).
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Table A9: Effects of migration background on allocations, by decision-maker characteristics

(subgroup)
decision maker
Characteristics of

(subgroup)
Migration
Effect of

Not (¬) subgroup
(¬ subgroup)
Migration
Effect of

(p-values)
Differences

Panel A: relative share of endowment
(1a) Female -0.028*** (0.005) Male -0.044***(0.005) 0.0230
(2a) Right-wing pol. pref. (AfD) -0.114*** (0.012) No right-wing pol. pref. (AfD) -0.023***(0.004) 0.0000
(3a) Migration history -0.001 (0.008) No migration history -0.044***(0.004) 0.0000

(4a) Below-median migration
share -0.043*** (0.005) Above-median migration

share -0.029** (0.005) 0.0453

Panel B: received more than half
(1b) Female -0.023*** (0.009) Male -0.054***(0.009) 0.0116
(2b) Right-wing pol. pref. (AfD) -0.125*** (0.019) No right-wing pol. pref. (AfD) -0.024***(0.007) 0.0000
(3b) Migration history -0.018 (0.015) No migration history -0.052***(0.007) 0.0000

(4b) Below-median migration
share -0.027*** (0.009) Above-median migration

share -0.050** (0.009) 0.0689

Note: This table shows the effect of receivers’ migration background (born in Turkey vs. born in Germany) separately for
subgroups defined over participants’ characteristics. Every row is a separate OLS regression with clustered standard er-
rors on individual decisions (between two profiles). The dependent variable is the share of the received endowment (Panel
A) and the probability of receiving more than half of the endowment (Panel B). The independent variable is an indicator
of receivers’ migration background interacted with an indicator for subgroups defined over decision-makers background
characteristics. Those background characteristics are Gender (female/male); whether the decision maker has a family his-
tory of migration (one if either the decision maker or one of his/her parents was not born in Germany, zero otherwise);
whether the decision maker affiliates with the right-wing party AfD, and whether the decision maker lives in a spatial
planning region ("Raumordnungsregion") with an above-median migration share or not. The median share of migrants in
the regions was 14.72%, the minimum 4.95%, and the maximum 22.86%).
* p < 0.10, ** p < 0.05, *** p < 0.01.
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Figure A1: Stated factors influencing allocation decision

Note: Figure shows 40 most used words in the answers to question "Were there any other reasons that were important to your
decision?". Stopwords and punctuation are removed from the open answers and words are stemmed using the Quanteda
Package (Benoit et al., 2018). The original language is German, for the English word clouds the information was translated
into English using the Deeplr package (Zumbach & Bauer, 2023) and then stopwords and punctuation were removed from
the open answers, and words were stemmed using the Quanteda Package (Benoit et al., 2018). N = 1644 participants.
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Appendix B Experimental Instructions

Now we come to a new game:

In this distribution game, we ask you to make a choice that can affect the payout for a real person
who participates in this survey. We would like you to divide 4 Euros between two people (person A
and person B).

At the end of the survey, we will randomly draw every tenth participant and implement a random
decision for that participant based on their characteristics. Your decision is completely anonymous. If
your choice is implemented, the participant in question will be credited with the amount you chose, but
will not receive any other information.

As a reminder, the participants are individuals between the ages of 18 and 69 who represent the overall
population in Germany as closely as possible. We describe these two individuals based on their gender,
age,migration background, and education level.

Please note: Your decision can never affect your own payout. If you should be selected, the decision of
another participant will be implemented.

Please make your decision! (1 of 3)1

Please indicate in the field below how you would like to split the 4 Euros between person A and person B.

Person A Person B
Age ??? ???

Gender ??? ???
Education level ??? ???

Born in ... ??? ???

Person A: 4€
Person B: 0€

Person A: 3€
Person B: 1€

Person A: 2€
Person B: 2€

Person A: 1€
Person B: 3€

Person A: 0€
Person B: 4€

Which attribute was most crucial to your decision?

o Sex
o Age
o Level of education
o Country of birth
o I don’t know / there was no specific attribute

1 For the following two decisions, we wrote: Please make another decision for two new people! (2 of 3) and Please make
your final decision for two new people! (3 of 3) in order to make it salient that this is another decision.
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Were there any other reasons that were important to your decision?

[open comment field]

[Pre-experimental questionnaire]

I am ...

o Female
o Male
o Diverse

When were you born?

Month: [Dropdown with months]
Year: [Dropdown with years from xxx to xxx ]

What is your highest general education degree?

o No general school leaving certificate
o Elementary school certificate
o Secondary school certificate
o Advanced technical college certificate
o High school diploma
o I am currently a student

What professional training degree do you have?
Please tick all that apply.

o I do not have professional training and am not in professional training.
o I have completed professional-in-company training (apprenticeship) or professional-school training (pro-

fessional school, commercial school).
o I have completed training at a technical school, master craftsman school, technical school, professional- or

technical academy.
o I have a polytechnic degree (e.g., diploma, bachelor, master).
o I have a university degree (e.g., diploma, state examination, bachelor, master’s).
o I have another professional degree.
o I am still in professional training (trainee, apprentice, professional-/ commercial school).
o I am a student.
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[Cooperation Game2]

[Discrimination Game: see Appendix B ]

[Post-experimental questionnaire]

Next, we are interested in whether you have taken the following actions to combat climate change in the past
year.

Are you actively trying to do something about climate change by ...

Yes No
... participating in demonstrations, supporting petitions, or environmental organizations? O O
... participating in blockades? O O
.. regularly using environmentally friendly alternatives to your own car? O O
... purchase electricity from renewable energy sources? O O
... adapt your purchasing behavior to the ecological footprint of products? O O
... compensate your CO2 emissions by buying climate protection certificates? O O
.. adapt your water or energy consumption? O O
... make sure when buying new household appliances that they are energy-saving. O O

Are you or have you ever volunteered for an extended period of time?
(Volunteer here means taking on a job where you help others but are not paid)

o Yes
o No

[If volunteer:] Do you have or have you had a leadership role in the volunteer organization that required
you to coordinate other volunteers?

o Yes
o No

[If volunteer:] In which of the following organizations/institutions were they involved in volunteer-
ing?

[Dropdown field with various institutions3]

2 At this stage, we ran an unrelated cooperation game (one shot prisoners’ dilemma). For detailed instructions please refer to
Angerer et al. (2023).

3 Church, volunteer fire department, DLRG, sports club/association, Political parties, trade unions, social/charitable institu-
tions, pupil/student initiatives, cultural institutions, environmental/nature conservation associations, scouts, educational and
training institutions (non-university). Other [open comment]
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Have you already received one or more doses of COVID-19 vaccine?

o Yes
o No

[If vaccinated:] Why did you get vaccinated?

Please tick everything that applies!

o Voluntarily, to protect myself.
o Voluntarily, to protect others.
o Because I had to (travel, events, etc.).
o Because of social pressure.
o Others, namely ... [open comment box].

When were you vaccinated against the flu?

o In the last twelve months
o More than twelve months ago
o Never

Do you have an organ donor card or living will that provides for organ donation?

o Yes
o No

When was the last time you donated blood?

o In the last twelve months
o More than twelve months ago
o Never

How do you rate yourself personally? Are you generally a risk-taker or do you try to avoid taking
risks?
(Please tick a box on the scale, where the value 0 means "not at all willing to take risks" and the value 10 means "very willing to

take risks". You can use the values in between to grade your assessment.)

Not at all risky Very risky
O O O O O O O O O O O
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Are you someone who is generally willing to give up something today to benefit from it in the future,
or are you not willing to do so?
(Please tick a box on the scale, where a value of 0 means "not at all willing" and a value of 10 means "very willing". You can use

the values in between to grade your assessment.)

Not at all Very
O O O O O O O O O O O

Are you someone who is generally willing to share with others without expecting anything in return,
or are you unwilling to do so?
(Please tick a box on the scale, where a value of 0 means "not at all willing" and a value of 10 means "very willing". You can use

the values in between to grade your assessment.)

Not at all Very
O O O O O O O O O O O

How competitive do you consider yourself to be?
(Please check a box on the scale, where a value of 0 means "not at all competitive" and a value of 10 means "very competitive." )

Not at all competitive Very competitive
O O O O O O O O O O O

Were you born in Germany?

o Yes
o No

[If not born in Germany:] In which country were you born?

o Turkey
o Poland
o Syria
o Romania
o Italy
o Other country ... [+ open field].
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Were both your parents born in Germany?

o Yes, both parents were born in Germany
o No, one parent not born in Germany
o No, both parents not born in Germany

[If "No, one parent not born in Germany": ] In which country was this parent born?

o Turkey
o Poland
o Syria
o Romania
o Italy
o Other country ... [+ open field].

[If "No, both parents not born in Germany": ] In which country was the first parent born?

o Turkey
o Poland
o Syria
o Romania
o Italy
o Other country ... [+ open field].

[If "No, both parents not born in Germany": ] In which country was the second parent born?

o Turkey
o Poland
o Syria
o Romania
o Italy
o Other country ... [+ open field].

Many people in Germany tend to vote for a particular political party in the long term, even if they occasionally
vote for another party. Which party do you generally sympathize with?

o CDU or CSU
o SPD
o AfD
o FDP
o Die Linke
o Bündnis90/Die Gruenen
o Another party, namely
o None

B-6



What is the best way to describe your acquisition situation?

o Pupil, trainee, student
o Full-time employed (incl. short-time work)
o Part-time employed (incl. short-time work)
o Self-employed
o Unemployed
o Househusband/housewife
o In retirement, pension or early retirement
o Other employment situation, namely

How many people currently live with you in a household - including yourself

adults (18 years and older)
children (under 18)

What is the total monthly net income of your household?
(This means the sum resulting from wages, salary, income from self-employment, pension, or retirement pension, in each case

after deduction of taxes and social security contributions. Please also include income from public assistance, income from renting,

leasing, housing allowance, child benefit, and other income.)

o below 400 Euro
o 400 until below 500 Euro
o 500 until below 750 Euro
o 750 until below 1.000 Euro
o 1.000 until below 1.250 Euro
o 1.250 until below 1.500 Euro
o 1.500 until below 1.750 Euro
o 1.750 until below 2.000 Euro
o 2.000 until below 2.250 Euro
o 2.250 until below 2.500 Euro
o 2.500 until below 2.750 Euro
o 2.750 until below 3.000 Euro
o 3.000 until below 3.250 Euro
o 3.250 until below 3.500 Euro
o 3.500 until below 3.750 Euro
o 3.750 until below 4.000 Euro
o 4.000 until below 5.000 Euro
o 5.000 Euro and more
o No answer

What is the postal code of your place of residence?
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Appendix C Screenshots of decision and information screens

Please make your decision! (1 of 3)
Please indicate in the field below how you would like to split the 4 euros between person A and person B.

Person A Persion B

Age 18-37 55-69
Gender Male Male

Education level No university entrance degree No university entrance degree
Born in ... Germany Turkey

Person A: 4€
Person B: 0€

Person A: 3€
Person B: 1€

Person A: 2€
Person B: 2€

Person A: 1€
Person B: 3€

Person A: 0€
Person B: 4€
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Appendix D Turkish Migrants in Germany

Turkish immigrants represent the largest and most geographically dispersed ethnic group within Ger-
many. In 2021, there were approximately 2.7 million people with a Turkish migration background in
Germany, accounting for approximately 3.3% of the German population and 12.3% of all migrants in
the country. Following closely are Polish immigrants, constituting 2.6% of the German population and
around 9.7% of all migrants. The initial influx of Turkish migrants to Germany occurred during the
1960s to bolster the country’s labor force. This migration was facilitated through an agreement with
Turkey aimed at recruiting guest workers. Subsequently, in the 1970s, a second wave of migration
from Turkey to Germany transpired, primarily driven by family reunification and political instability in
Turkey. Consequently, the majority (53.3%) of individuals with a Turkish migration background belong
to the second or third generation, lacking personal migration experience themselves (BAMF, 2022).

Despite the extensive presence of Turkish migrants in Germany, individuals with Turkish migration
backgrounds exhibit lower levels of education and income compared to native Germans. For example,
within the broader German population, roughly 7% of individuals of Turkish descent hold a university
degree, while 17% of those without a migration background possess such qualifications. Moreover, the
average equalized household income differs substantially between households where no member has
any migration background (€2,127) and those where at least one member has a migration background
from Turkey (€1,723) (Destatis, 2021). Prior evidence also substantiates the discrimination faced by
individuals with a Turkish migration background within the German labor market (Bartoš et al., 2016;
Kaas & Manger, 2012).
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Figure D1: Share of Turkish foreigners

Note: Share of Turkish foreigners in the German Population in %, aggregated in 5 quintiles. The darker the color, the higher
the share. One region represents one spatial planning region ("Raumordnungsregion").

Figure D2: Share of foreigners

Note: Share of foreigners in the German population in %, aggregated in 5 quintiles. The darker the color, the higher the
share. One region represents one spatial planning region ("Raumordnungsregion").
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